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Analytics Connect

http://meetings2.informs.org/analytics2013/jobs.html

%r{tiﬁed)Analytics Professional (CAP) (INFORMS) B 1& A ERFI EE D %31 (2012) -
2013

https://www.informs.org/Build-Your-Career/Analytics-Certification

MS in Business Analytics (NYU Stern) (2013 Open in Shanghai)

RERX

Practice Prize Winner —Creating a Measurable Social Media Marketing Strategy:
Increasing the Value and ROI of Intangibles and Tangibles for Hokey Pokey V.
Kumar, Vikram Bhaskaran, Rohan Mirchandani, and Milap Shah, MARKETING

SCIENCE 2013;32 194-212
http://mktsci.journal.informs.org/cgi/content/abstract/32/2/194

Practice Prize Paper —PROSAD: A Bidding Decision Support System for
Profit Optimizing Search Engine Advertising, Bernd Skiera and Nadia Abou

Nabout, MARKETING SCIENCE 2013:;32 213-220
http://mktsci.journal.informs.org/cqgi/content/abstract/32/2/213
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Worldwide Smart Connected Devices Market Forecast
Unit Shipments (Millions), 4Q 2012

2013/5/8
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Monthly Active Users (MAUS)

Millions of MAUs

1,056
Re.st of World 1: 007
B Asia 955
B FEurope 901
739 245 208
680 225
207
608 183
161

133

183

229

154

304
239 246 261

Q4'10 Q1'11 Q2'11 Q3'11 Q4'11 Q1'12 Q2'12 Q3'12 Q4'12

Miease see Facebook's Form 10-K for the year ended December 31, 2012 for definitions of user activity used to determine the number of our MALIs, DALs and
mobile ML The nurmber of MALs, DAL, and mobile MALS do not indude Instagram wsers undess such users would otherwise qualify 25 MAUS, DaUs, and

miabile MALS Based on activily that is shared hack to Facebook. faceb ook
In June 20132, we discovered an error in the algorithem we wsed bo estimate the geographic location of our users that affected our attribution of certain wser .

locations fior the first quarter of 2002, The FArst quarter of 2012 user metrics reflect a reclassification to mone cormectly attribute users by geographic region.

http://news.cnet.com/8301-1023 3-57566550-93/facebook-by-the-numbers-1.06-billion-monthly-active-users/
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ACTIVE SOCIAL NETWORK USERS

PAKISTAN: CHINA:
FACEBOOK QZONE
() T
HONG KONG:
o FACEBOOK
FACEBOOK

@ THAILAND:
FACEBOOK @

MCEBOOK
VIETNAM:
MALAYSIA:
@ @ Al @ FACEBOOK
SRI LANKA: :
FACEBOOK @ IPB(%E(E)SOIQ
@ FACEBOOK SINGAPORE: @

@ OTHER PLATFORM FACEBOOK

o

SOUTH KOREA:
KAKAQTALK

JAPAN:
LINE

TAIWAN:
FACEBOOK

PHILIPPINES:
FACEBOOK

COMPILED BY @WEARESOCIALSG. FOR MORE SOCIAL MEDIA ANALYSIS AND INSIGHTS, VISIT WEARESQCIAL.SG. FIGURES REPRESENT THE LATEST SITE-REPORTED MONTHLY ACTIVE USERS FOR THE LARGEST SOCIAL

social

NETWORK IN EACH COUNTRY, AS AT MAR 2013, EXCEPT KAKAOTALK, WHERE FIGURES REPRESENT DAILY ACTIVE USERS. DATA MARKED * ARE REPRESENTATIVE CALCULATIONS BASED ON AVAILABLE DATA.
SOURCES: CHINA: TENCENT (AUG 2012); SOUTH KOREA: BASED ON DATA FROM KAKAOTALK (FEB 2013); JAPAN: BASED ON DATA FROM LINE (JAN 2013); OTHER COUNTRIES: FACEBOOK (MAR 2013)

The State of Social in Asia (March 2013) by Simon Kemp in Newson 21 March 2013 at 09:12

2013/5/8 (C) Masataka Yamada



http://wearesocial.sg/blog/2013/03/state-social-asia-march-2013/
http://wearesocial.sg/blog/2013/03/state-social-asia-march-2013/
http://www.linkedin.com/in/eskimon
http://wearesocial.sg/category/news/

ACTIVE SOCIAL MEDIA PENETRATION
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COMPILED BY @WEARESOCIALSG. FOR MORE SOCIAL MEDIA ANALYSIS AND INSIGHTS, VISIT WEARESOCIAL.SG. FIGURES REPRESENT THE LATEST SITE-REPORTED REGISTERED USERS FOR THE LARGEST SOCIAL
NETWORK IN EACH COUNTRY AS AT MAR 2013. DATA SOURCES: CHINA: TENCENT (AUG 2012); SOUTH KOREA: BASED ON DATA FROM KAKAOTALK (FEB 2013); JAPAN: BASED ON DATA FROM LINE (JAN 2013);
OTHER COUNTRIES: FACEBOOK (MAR 2013); POPULATION DATA FROM US CENSUS BUREAU (MID-2012 DATA, AS ACCESSED JAN 2013)
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Innovator's Dilemma: Video games

>

20uew.lojiad

PS3

Xbox360

1

;  Games in
1
1 Smartphone

Nintendo
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Executive Education Program
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http://www.stern.nyu.edu/executive-education-short-courses/search/program/125/Leveraging-Social-Media-and-Digital-Marketing-for-Business

SHEEXERE Who Should Attend:

Interactive marketers looking to increase the
influence of their products

Customer service managers

IT managers looking to create value for business
units

Product designers looking to leverage the wisdom of
the crowds

Social media specialists
Digital marketing analysts



Five Primary Goals

Develop a framework for quantifying the returns on digital
marketing such as search advertising and mobile marketing
Understand cross-platform effects in digital attribution
analyses

Understand the fundamentals of social network marketing
such as peer influence and homophily

Discover how to extract business intelligence from social
listening and big data analytics

Examine the best practices in social media and digital
marketing from multiple perspectives in multiple industries
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Leveraging Social Media and Digital Marketing for Business
March 14-15, 2013
Classroom 4-110

Thursday, March 14 Friday, March 15

Breakfast
Cantor Boardroom, 11th floor
8:30 - 9:00am

Breakfast
Cantor Boardroom, 11th floor
8:320 - 9:00am

Insight into Digital Advertising and Web
Analytics

Professor Anindya Ghose
9:00 - 10:30am

Online Social Networks and Communities

Professor Ravl Bapna
9:00 - 10:30am

Morning Break
Cantor Boardroom, 11th floor
10:30 - 11:00am

Morning Break
Cantor Boardroom, 11th floor
10:30 - 11:00am

Insight into Mobile Marketing Analytics

Professor Anindya Ghose
1:00 - 12:30pm

Social Listening and Text Analytics in User
Generated Content

Professor Anindya Ghose
11:00 - 12:30pm

Lunch Break
Cantor Boardroom, 11th floor
12:30 - 1:30pm

Lunch Break
Cantor Boardroom, 11th floor
12:30 - 1:30pm

Soclal Media Marketing

Professor Ravi Bapna
1:30 - 3:00pm

Big Data Analytics

Professor Ravi Bapna
1:30 - 3:00pm

Afterncon Break
Cantor Boardroom, 11th floor

Afternoon Break
Cantor Boardroom, 11th floor

3:00 - 3:30pm 3:00 - 3:30pm
buti Speaking the Digital Language and Round
Digital Attri n Table Discussions
Professor Anindya Ghose
3:30 - 5:00pm Pro?;(s)o_r gg\gpsn:pna
Networking Reception Program Conclusion and Evaluation
Cantor Boardroom, 11th floor Classroom 4-110
5:00 - 6:00pm 5:00 - 5:30pm

(C) Masataka Yamada
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¥ Pre-program Packet

e Air France Internet Marketing: Optimizing Sponsored Searches,
Case Number: 5-407-753, Year Published: 2009

HBS Number: KEL319, Authors: Mark Jeffery; Lisa Egli; Jessica
Lambert; Liz Neely; Andy Gieraltowski; Jason Miller; Rakesh

Sharma

* QGupta, Sunil, Kristen Armstrong and Zachary Clayton, 2011,
Social Media, 9-510-095, REV: October 4, HBS.

* Deighton, John and Leora Kornfeld 2011, United Breaks
Guitars, 9-510-057, REV: Augast 11, HBS.


http://www.kellogg.northwestern.edu/Faculty/Directory/Jeffery_Mark.aspx

M Post-program Packet

* Ghose, Anindya and Panagiotis Ipeirotis, The EconoMining project at NYU: Studying
the economic value of user-generated content on the internet, Received (in revised
form): 28th October 2008

e Aral, Sinan and Dylan Walker, Identifying Influential and Susceptible Members of
Social Networks, Science 337, 337 (2012); DOI: 10.1126/science.1215842

Estimation in a representative sample of 1.3 million Facebook users showed that younger users are
more susceptible to influence than older users, men are more influential than women, women influence
men more than they influence other women, and married individuals are the least susceptible to
influence in the decision to adopt the product offered. Analysis of influence and susceptibility together
with network structure revealed that influential individuals are less susceptible to influence than
noninfluential individuals and that they cluster in the network while susceptible individuals do not,
which suggests that influential people with influential friends may be instrumental in the spread of this

product in the network.

* Moses, Joseph 2012, Social Media Strategy for the Minnesota Wild, Carlson School
of Management

2013/5/8 (C) Masataka Yamada 15
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Session 1: Insight into digital Advertising and Web Analytics
Professor Anindya Ghose 9:00 — 10:30am

o AA >/ = T—7:You cannot improve what you
cannot measure!

Analytics . Attribution . Return on
Investment

—DctlF. _BZBLTOT—ITHHoT-,

2013/5/8 (C) Masataka Yamada 18



What do we Measure?

Keyword and campaign efficacy

N

Predictive accuracy Audience behavior and ad
effectiveness

Trust and . \ -
reciprocity Construct Sentiment analysis and

economic Impact

|
Engagement Cross media and Cross

\ device effects
Peer /
influence Social network

“~—____ characteristics

2013/5/8 (C) Masataka Yamada 19
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ANErane

Fe

Sum of

Surm of et Cost Fer  Total Yolume £ LE Frobability Click
Fublisher MName Fevenue Click of BEookings  FerBooking FO4&  of Booking Chamges  Cost/Booking
Google - Global $B08,603 | $1.66 797 $£1,166 BE9% [ 0.0441% $120,947 $151.75
Google - US $1.391.841| $1.84 1,550 $1,126 d94% | 0.0402% $353,641 $228.16
MSMN - Global $133,364 | $1.08 129 $£1,128 1097% | 0.0922% $12 160 $94 .27
MSMN - US $165.451 | $1.49 140 $£1,297 1028% | 0.0823% $16,098 $£114 .89
Cwverture - Global | $365,789 | $1.06 372 $1,156 569% | 0.0021% $64 2498 $172.84
Cwverture - US $205.457 | $1.19 289 $1,202 145% | 0.0017% $141,976 $491.27
Yahoo - US $836,091 | $1.M1 BG2 $£1,333 1810% | 0.0709% $46 1598 $69.79
Grand Total $3,808,597| $1.47 3,839 $£1,184 517% | 0.0094% $755,316 $£191.75

Key Observations

(]

()

(]

e Although Google U.S. has high net revenue and volume, it also
has the most expensive average cost per click

e Yahoo has the highest ROA and high net revenue
e Though similar in scale, MSN performs much better than

Overture mainly due to differences in probability of booking

BRld. REEYBTRAXILEYE, BIHEN=RHSIRDAVMIEAHSF—R
A EREBEL,.ROIZRILEESEIEENTERT S,

2013/5/8
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Graph publishers on a bubble chart using the following

dimensions: X=Probability of Booking, Y=Cost Per Click, Bubble
Size=Total Costs or Total Funding

Create four quadrants by drawing a line at the
publisher average for CPC and another line at the
publisher average for probability of booking

Observe the quadrant in which a publisher falls and
assign a strategy using the table below

Bubble size indicates current funding levels

BELHND FEEEST
=S3aXk MEHHYE

SLEEMN  ADFYIR—

2 ==k EHE
3 'E’E:Jf;;o T E D
. EELEER ryT—

2R+ BRREROUR
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Optimize Publisher Bubble chart

F1RB

E2RME  Google-US

Size = Sum of Click Charges
® Google - Global

CPC

’ ® Google - US

©® MSN - Global
%3§BE O ® MSN - US
‘ ® Overture - Global
Yahoo - US ® Overture - US
® Yahoo - US

a}

-0.0200% 0.0000%

2013/5/8

0.0200% 0.0400% 0.0600% 0.0800% 0.1000% 0.1200%
Prob of Booking

(C) Masataka Yamada



Optimize Campaign Strategy—Overture

e Analyze Overture campaigns using bubble chart with the

following dimensions:
X=CTR, Y=TCR, Bubble Size=Net Revenue

e Poor search-side copy will negatively impact CTR
e Poor website-side copy will negatively impact TCR

e Improving CTR or TCR will improve a publisher’s booking
probability, positively impacting net revenue and ROA

e Potential campaign improvements

- Improve search-side copy if low CTR
- Change website-side copy if low TCR

- Consider eliminating low net revenue campaigns if low CTR and low TCR

2013/5/8 (C) Masataka Yamada 24



Optimizing Overture - Ad and Website Landing Page

Line is at Average CTR Across All Publishers

Consider search side copy
irnprovements.

These campaigns are doing
well. Mo copy improvements
necessary.

Trans Conv Rate

Consider website side co
Carmpaigns need both search and improvements by
website side copy improvements, '

Consider cutting small net
FEVENUE CAMpPalgns. Click Thru Rate

|i Overure - US @Overture - Global |

2013/5/8 (C) Masataka Yamada
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Optimize Publisher Strategy—Key Takeaways
EEORRICEIVDTIF—RA U FDIEFELEYI1ZRHT S

e What should we do?

e What should we do?

e What should we do?




T—ERA=VT DEH:BELNIH S
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BNV 5 RGO DZRE- 289 58, R
DADNE S A[REEDOREESVEDIZFE—ILEZ—AT
HBHEVD, —HT S EEEEOEVE SO AGD
R TN/ (Wall Street Journal 1992 4 12 H

23 H). |
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cormed_b olives
hering

1 hering
2 baguette soda
3 awocado cracker  arichok
4 olives bourbon  coke

5 hering corned_b apples

6 sardines heineken chicken
T olives bourbon  coke

8 cormed_b peppers  bourbaon
9 soda olives bourban
10 cormed_b peppers  bourbon

4
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harm
cracker
heineken
turkey
olives
coke
turley
cracker
cracker
cracker

turkesy
heineken
harm
ice_crea
steak
ice_crea
iCE_Ccrea
chicken
heineken
chicken

bourbon
olives
turkesy
harm
avocado
peppers
heineken
ice_crea

pEppEers

A B C D E F G H

ice_crea
corned_h
sardinges
PERQErS
turkesy
harn
apples
bhaguetts
haguetts

bordeaux hering
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A
(1D Bl Product Ad
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1 hering

1 comed b
1 olives

1 ham

1 turkey

1 bourbon
1 ice_crea
2 baguette
2 soda

2 hering

2 cracker
2 heineken
2 olives

2 comed b
3 avocado
3 cracker
3 artichok
3 heineken
3 ham

3 turkey

3 sardines
4 olives

4 bourbon
4 coke

4 turkey

4 ice_crea
4 ham

4 peppers
5 hering

5 comned b
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FPAT LD FI
cracker heineken
hering, heineken
baguette, heineken
soda, heineken
olives, hering
artichok, heineken
soda, cracker
baguette, hering
avocado, heineken
bourbon, olives
corned_b, hering
bourbon, cracker
corned_b, olives
soda, cracker, heineken
turkey, olives

B/ Hbﬂ)*;f'f?\ﬂ

coke, ice _crea
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avocado, baguette
baguette, hering, heineken

2013/5/8

366
2 — 288
pd 261
el 257
pl 256
el 252
e 251
pl 249
gl 249
el 245
bl 245
2 240
e 237
sHE 234
el 221
[l 220
T 215
SHEN 214
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2

3
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5 ice_crea coke 313 220 I 70.29% 0.80
6 coke ice_crea 296 220 74.32% 0.75
7 olives turkey 473 221 1B 46.72% 0.59
8 avocado artichok 363 211 1B 58.13% 0.59
9 cracker soda 488 251 1D 51.43% 0.59
10 artichok avocado 305 211 69.18% 0.50
11 heineken artichok 600 252 0 42.00% 0.50
12 heineken soda 600 2570 42.83% 0.44
13 sardines coke 296 147 |ID 49.66% 0.37
14 coke sardines 296 147 D 49.66% 0.37
15 ice_crea sardines 313 151 |B 48.24% 0.36
16 soda cracker 318 251 78.93% 0.36
17 baguette avocado 392 215 1D 54.85% 0.35
18 turkey olives 283 227 78.09% 0.35
19 sardines ice_crea 296 151 1B 51.01% 0.34
20 avocado baguette 363 215 1B 59.23% 0.33
21 steak apples 227 118 1D 51.98% 0.31
43 |artichok heineken 305 252 82.62% 0.22
44 artichok ham 305 128 B 41.97% 0.22
45 'ham artichok 305 128 D 41.97% 0.22
46 [cracker heineken 488 36 75.00% 0.22
47 baguette hering 392 249 D 63.52% 0.21
48 sardines peppers 296 120 N 40.54% 0.21
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Order Number -1 Category

= 0F1 268
=061 268
=081 270
= 08127
=081 27
=061 272
=081 272
=0F1 273
=051 274
=061 274
=081 275
= 0F1 278
=081 278
=061 277
=081 277
= 0F1 277
=081 278
=061 278
=081 278
=0F1278
= 0F1 278

Hzlmets

Jersevs

Fenders

Tires and Tubkes
Tires and Tukes
Tires and Tukes
Tires and Tukes
Bottles and Cages
Caps

shorts

Helmets

Jerseys

Caps

Mountain Bikes
Jerseys

Caps

Road Bikes
Bottles and Cages
Bottles and Cages
Jerseys

Mountain Bikes

*  Product

Sport—100

Long—Slkeeve Logo Jersey
Fender Set — Mountain

LL Road Tire

Patch kit

Mountain Tire Tuke
Patch kit

"Water Bottle
Cviling Cap

Women's Mountain Shorts

Sport=100

Shot—Sleeve Classic Jersey

Cviling Cap
Mountain=500

Shot—Sleewve Classic Jersey

Cvcling Cap
Road—350-14
Foad Bottle Cage
"Water Bottle

Shot—Sleeve Classic Jersey

Mo untain—200

*  Product Price

L

5385
4888
2188
21458
BG4 95
4.88
064 .99
455
895
G998
o385
53885
895
505 85
53889
095
244335
g.a8
495
53885
2318995
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A o

B
BLWWNhZONR FIL 71 74

Helmets, Tires and Tubes

Road Bikes, Helmets

Bottles and Cages, Helmets
Mountain Bikes, Tires and Tubes
Mountain Bikes, Bottles and Cages
Road Bikes, Bottles and Cages
Fenders, Mountain Bikes
Mountain Bikes, Helmets
Touring Bikes, Helmets

Road Bikes, Tires and Tukes
Jersevs, Road Bikes

Jerseys, Helmets

Caps, Bottles and Cages
Jersevs, Bottles and Cages
Jersevs, Tires and Tukes

Caps, Jerseys

Glowves, Helmets

Touring Bikes, Bottles and Cages
Gloves, Tires and Tulbes
Fenders, Helmets

Caps, Helmets

Jersevs, Mountain Bikes
Fenders, Tires and T ukes

Caps, Tires and Tubes

Cleanars, Tires and T ubes
Fenders, Jersevs

Fenders, Bottles and Cages

(C) Masataka Yamada

1617
=[003)
715
late]
263
BEZ
235
237
536
486
450
404
385
J82
55
3a7
352
351
330
J18
282
284
275
270
258
245
237
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ammqmmhmm —

11
12
13
14

A B C | O
By ZOWREY 174
Fenders Mountain Bikes 1238 530 [N 43 54%
Hydration Packs Eattles and Cages 478 191 I 44 F3%
Bike Stands Tires and Tubes 130 sl 79.23%
Gloves Helmets 549 352 [N a1 A6%
Cleaners Tires and Tukes 525 252 NNEGN 49 33%
Bike Racks Tires and Tubes 151 o4 I 49.21%
Helmets Tires and Tubes 37541 1617 NGB 42 52%
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A E [ ¢ ]

D | E

1 BB TONR U FIL T AT
Lz |

3
[+ e - TR EA - [ P19
5 |Foad Bikes, Helmets I sos N 570225025 1264033 56
6 |Mountain Eikes, Tires and Tukes Bl sa0 I 2208 067434 125639037
7 |Fenders, Mountain Eikes bl s30 IR z0z2 477421 NI 109011533
8 |Mountain Eikes, Bottles and Cages Bl sa3 I 023 75222 NI 1083061 24
9 Mountain Bikes, Helmets I 537 N s 5751 1 I 1056049 76
10 | Jerseys, Road Eikes il 4z0 IR 53 375003 I 104802004
11 Touring Bikes, Helmets bl s36 N 525 o276 NG 1032224 92
12 |Road Bikes, Tires and Tukes il 4g6 N5 41 53551 4 NGRS 749186 26
13 Road Bikes, Bottles and Cages bl s52 D 1157 4025 NG 63688618
14 Touring Bikes, Bottles and Cages 2B a5 N1 2 51 3545 NG 636649 36
15 Jerseys, Mountain Bikes 2k 24 HIY 1760 03201 7 T 502405 32
16 Touring Bikes, Tires and Tukes 2 205 N S64 755707 I 40278066
17 Touring Bikes, Jerseys 2l 1g2 N1 401 o527 I 38951554
18 Caps, Touring Bikes 2 1 o2 NS5 021 2 NG 354245 4
19 |Mountain Eikes, Bottles and Cages, Helmets al 172 N0 4 375077 I 346472 84
20 Caps, Road Bikes 2 218 I 453 71 7330 NN 325521 38
21 Caps, Mountain Bikes 2l 193 I 1513 720233 NN 31144814

22 |Gloves, Road Bikes 2l 165 HI 157983234 T 297008 48

A B | c | D E F E | H

1 By ZOHREY 17 L
2

A
4 3 -7 AT LR bt A bl ~ [[EE: Ik BMisEr{stL0FH{E MESEfhyRToEx M
5 Fenders Mountain Bikes m 123 N 530 I 4354y NG 5750062 N G75265 .11
6 Cleaners Tires ard Tukes I 525 I 255 NG 49 339 I 1823157333 F 9571786
7 Helmets Tires and Tukes [ N NGNGNGG 3704 I 1 61 7 I 42 Gzt | 5.4 az78841 | 3573295
8 |Bike Stands Tires and Tukes | 130 107 I 23y 2431971538 | 61563
9 Bike Racks Tires ard Tukes [ 191 | o4 4o.21% I 1567632461 | 30327 6
10 Gloves Helmets | . gac I 352 I 41 46y | 22 38454653 | 19004 48
11 |Hydration Packs Eottles and Cages 0 428 B 101 44 3 | 3860023364 165209,
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T, SFEIFLGEA—T -, BLAHDHHEELIR/EZE L T Microsoft SQL Server
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FER D Excel D=0 —FIRENFET,
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COHENRBESN TS Excel T—I—r W OMRBLTULNET , Fa—N)7
WESETTBICIE. ROFERFEVBETY,

A2 AF—JLFEHD SQL Server 2008

*SQL Server 2008 Analysis Services (SSAS) Y—/ \—~DESHE

*Microsoft Excel
*Microsoft Excel T—43 A =24 PRAV D EESHA—K

SQL Server 2008 Analysis Services (SSAS) DEXFARRE . Excel PR/ DEES >
A—RIE, ROBFATAFTEET,

Microsoft Office 2007 F Microsoft SQL Server 2008 T—4& I{=2%5 FRA>
Microsoft SQL Server 2008
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* Are their personality the same?
e What differences exist?
e What metrics should we use?



2% 3k

- EEBEOsaLY—N—0Fora—K YAk
Microsoft® SQL Server® 2012 Service Pack 1 (SP1) Express http://www.microsoft.com/ja-
ip/download/details.aspx?id=35579

«  Microsoft® Office® 2010 F Microsoft® SQL Server® 2012 T—& XA =24 PFAY
http://www.microsoft.com/ja-jp/download/details.aspx?id=29061

« BN HHETA Fa—RNITI(T—E2 A=V T—=TLo3HY—I)
http://msdn.microsoft.com/ja-jp/library/dd299410(v=sql.100).aspx

«  Microsoft PYLI—L3y PILAVXL THO=ZAIL)IFLUR
http://technet.microsoft.com/ja-jp/library/cc280428(v=SQL.105).aspx

*  XLMiner Professional, Frontline Systems, Inc. SKEID KZDICTRO A EFTERLTL
5E5TH5,

http://www.solver.com/xIminer-professional

« 59 THH B Google AdWords PRI —XLE&
http://www.youtube.com/watch?v=g gd72awAkw
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 United Breaks Guitars - YouTube
http://www.youtube.com/watch?v=5YGc4z0qgo0z0

« AdWords Help
http://support.google.com/adwords/?hl=en

e What is AdWords
http://www.youtube.com/watch?v=uKp8mIOUQdA

 AdWords Video: Understanding Ad Rank
http://www.youtube.com/watch?v=MBmPtduElkM

* Using Keyword Match Types on the Search Network

http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&pa
th=1713917-1713909&ctx=leftnav

* Yang,S., A. Ghose 2009. Analyzing the Relationship Between Organic and
Sponsored Search Advertising: Positive, Negative, or Zero Interdependence?,
Marketing Science, forthcoming
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http://www.google.co.jp/url?sa=t&rct=j&q=&esrc=s&frm=1&source=web&cd=2&cad=rja&sqi=2&ved=0CDsQtwIwAQ&url=http://www.youtube.com/watch?v=5YGc4zOqozo&ei=JYh4UYOONdCRiQem3oDYAg&usg=AFQjCNF7wIotpsZRWxZPT7rMJeBuoP_45w&sig2=ePgdLN9pwVGFxkq6BmDnFA
http://www.google.co.jp/url?sa=t&rct=j&q=&esrc=s&frm=1&source=web&cd=2&cad=rja&sqi=2&ved=0CDsQtwIwAQ&url=http://www.youtube.com/watch?v=5YGc4zOqozo&ei=JYh4UYOONdCRiQem3oDYAg&usg=AFQjCNF7wIotpsZRWxZPT7rMJeBuoP_45w&sig2=ePgdLN9pwVGFxkq6BmDnFA
http://www.google.co.jp/url?sa=t&rct=j&q=&esrc=s&frm=1&source=web&cd=2&cad=rja&sqi=2&ved=0CDsQtwIwAQ&url=http://www.youtube.com/watch?v=5YGc4zOqozo&ei=JYh4UYOONdCRiQem3oDYAg&usg=AFQjCNF7wIotpsZRWxZPT7rMJeBuoP_45w&sig2=ePgdLN9pwVGFxkq6BmDnFA
http://www.google.co.jp/url?sa=t&rct=j&q=&esrc=s&frm=1&source=web&cd=2&cad=rja&sqi=2&ved=0CDsQtwIwAQ&url=http://www.youtube.com/watch?v=5YGc4zOqozo&ei=JYh4UYOONdCRiQem3oDYAg&usg=AFQjCNF7wIotpsZRWxZPT7rMJeBuoP_45w&sig2=ePgdLN9pwVGFxkq6BmDnFA
http://www.google.co.jp/url?sa=t&rct=j&q=&esrc=s&frm=1&source=web&cd=2&cad=rja&sqi=2&ved=0CDsQtwIwAQ&url=http://www.youtube.com/watch?v=5YGc4zOqozo&ei=JYh4UYOONdCRiQem3oDYAg&usg=AFQjCNF7wIotpsZRWxZPT7rMJeBuoP_45w&sig2=ePgdLN9pwVGFxkq6BmDnFA
http://www.youtube.com/watch?v=5YGc4zOqozo
http://www.youtube.com/watch?v=5YGc4zOqozo
http://www.youtube.com/watch?v=5YGc4zOqozo
http://www.youtube.com/watch?v=5YGc4zOqozo
http://support.google.com/adwords/?hl=en
http://www.youtube.com/watch?v=uKp8mlOUQdA
http://www.youtube.com/watch?v=MBmPtduElkM
http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&path=1713917-1713909&ctx=leftnav
http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&path=1713917-1713909&ctx=leftnav
http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&path=1713917-1713909&ctx=leftnav
http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&path=1713917-1713909&ctx=leftnav
http://support.google.com/adwords/answer/2497836?hl=en&topic=1713959&path=1713917-1713909&ctx=leftnav
http://pages.stern.nyu.edu/~aghose/paidorganic.pdf
http://pages.stern.nyu.edu/~aghose/paidorganic.pdf
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Pop Quiz (True or False): Mobile Marketing Stats

Mobile coupons get 10 times the redemption rate of traditional coupons.

71% of smartphone users that see a captivating TV advertisement will

immediately do a mobile search.

61% of customers who visit a mobile unfriendly site are likely to go to
a competitor's site.
70% of all mobile searches result in action within 1 hour. 70% ot online

searches result in action in one month.
36% of all email opens in the first half of 2012 came from mobile phones.

Shoppers who use a retailer’s dedicated mobile app are 21% more

likely to make a purchase than those who don’t.
Customers who read reviews on mobile phones are 2x more likely to

convert in the store
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0| 1214303 |Age 23.21 6.18| 385200 22.00 8.00 79.00

Gender (Male=1) 0.66 0.48| 234278 1.00 0.00 1.00
FriendCnt 24.18 70.65 o| 1000 1.00|  11780.00
SubscriberfriendCnt 0.65 2.85 0 0.00 0.00 541.00
SongsListened 24913.30| 32365.72 1| 15022.00 0.00| 1000472.00
Playlists 0.53 332 0 0.00 0.00 2291.00
Posts 7.67| 14170 0 0.00 000  64108.00
Shouts 42.19| 27102| 27717 5.00 0.00 /13175@ Ol Ity [ e ronc /L 2%s,
LovedTracks 12815 406.44 o| 3500 0.00| ~99109.00 |* / ¥
RegDate 1783823 63671  sS84| 17902.00| 1564200  18877.00
LastfmCountry 0.30 0.46 0 0.00 0.00 1.00

1| 37161 |Age 30.26 925 14165|  28.00 8.00 78.00
Gender (Male=1) 0.76 0.43| 8443 1.00 0.00 1.00
FriendCnt — 33.73| 116,62 0 10.00 1.00 9788.00
SubscriberFriendCat, 285 1035 0 1.00 0.00 709.00| [men, free
songsListened > 31996.64 | 43938.95 0| 18139.00 0.00| 1000070.00
Playlists, 1.44 5.38 0 1.00 0.00 496.00
posts 27.74| 46516 0 0.00 000|  50740.00
Shouts / 85.31| 53156| 1275 5.00 0.00|  36508.00
‘LovedTracks> 370.05| 1104.95 0| 149.00 0.00 63595.00
RegDate 17678.54| 628.82 1| 17735.00| 15642.00|  18868.00
LastfmCountry 0.28 0.45 0 0.00
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